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Example :  dependency models

● Multivariate nominal scale observed data

Gender Age Party HealthCare
M <30 SDP Public
F >64 Kok. Public
F 31-64 Kesk. Private
M 31-64 Kesk. Private
F <30 Kok. Private
M >64 SDP Public
M >64 SDP Public
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Models  are  dependency 
s tatements  about  var iab les
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Af ter  observ ing data ,  some 
models  appear  more  probable
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B-course  too l  searches  for  the  
most  probable  model

Gender Age Party HealthCare
M <30 SDP Public
F >64 Kok. Public
F 31-64 Kesk. Private
M 31-64 Kesk. Private
F <30 Kok. Private
M >64 SDP Public
M >64 SDP Public

B-Course searches 
for the MAP-model


